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Abstract 
 

Artificial Intelligence (AI) transforms the audit landscape by enhancing fraud detection and risk assessment with unprecedented speed and 

accuracy. This study explores the application of AI in forensic accounting to identify financial irregularities using advanced machine 

learning models. AI-driven approaches such as supervised and unsupervised algorithms can efficiently detect anomalies in financial data, 

reducing false positives and improving audit reliability. Through statistical analysis and conceptual modeling, we highlight how AI con-

tributes to a dynamic fraud prevention ecosystem. This research underscores the role of AI in reshaping audit methodologies and proposes 

a framework to integrate AI into risk management practices. 
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1. Introduction 

As a modern branch of accounting, forensic accounting plays a crucial role in safeguarding financial and economic anomalies(Shetty & 

Kumar, 2021).According to this study, forensic accounting combines auditing, accounting, and investigative expertise to find, prevent, and 

present compelling evidence that is used against prosecutors in court.We can therefore draw the conclusion that forensic accounting ex-

pertise is essential in the battle against financial irregularities in both the public and commercial sectors, given the statistical assessments 

on the importance of forensic accounting and its influence on financial crimes or fraud(Ranjith et al., 2016).Professional forensic account-

ants around the nation have also been becoming more aware of the issue. Forensic accounting is therefore an effective weapon in the battle 

against financial crimes.In the framework of the rules of evidence, forensic accounting applies financial, investigative, and accounting and 

auditing expertise to unresolved matters.According to this definition, forensic accounting's main goal is to find and examine fraudulent 

transactions in order to determine the true motivation of the offender(Javaherian et al., 2017).These reviews could be document reviews, 

interviews, electronic document examinations, etc.Forensic accounting is the use of auditing methodologies, strategies, or procedures to 

address legal concerns that call for the fusion of investigative, accounting, and auditing expertise. Forensic accounting, from the viewpoint 

of a lawyer or litigator, is obtaining, analyzing, summarizing, and presenting intricate financial matters in a straightforward, factual, and 

concise manner, frequently as an expert in a court of law(Zhao et al., 2019). AI in Fraud Detection shown in Fig. 1. 
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Fig. 1:AI in Fraud Detection 

 

This contrasts with conventional rule-based systems, which depend on frequent updates and frequently fail to comprehend novel forms of 

fraud(Goodfellow et al., 2016).In recent years, fraud has been overcome by AI in numerous industries(Riddiough& Wyatt, 2014). For 

example, the banking industry has proposed using AI to integrate AI-driven technologies to improve their fraud detection system 

(Brynjolfsson & McAfee, 2014; Bhatia & Kaur, 2021; Alnakee et al., 2022). 

AI-powered fraud detection systems use both supervised and unsupervised learning algorithms to examine transactions at any time and 

identify fraudulent activity(Alamer&Shadadi, 2023).Additionally, by lowering false positives, AI increases operational efficiency by pre-

venting false positives from interfering with actual transactions. In addition to increasing accuracy, AI-powered detection automation 

expedites the response time to payment fraud situations, assisting financial institutions in avoiding resulting losses(Schlegelmilch&Szocs, 

2020; Beaumont & Francis, 2019).Lately, there's been a growing buzz around using AI to help cut down on financial risks and spot 

fraud(Riddiough& Wyatt, 2014; Greitzer et al., 2021; Poroohan&Reshadatjoo, 2019).The main study objective is to propose a risk man-

agement framework of IT systems(Hsu et al., 2016; Marinković et al., 2024). To achieve this objective a number of objectives have been 

defined, 

• To determine which IT practices businesses currently use. 

• To connect system measures with business requirements  

• To research different risk frameworks and risk-related standards  

• To create and verify a comprehensive AI-based risk management framework for the application domain. 

2. Methodology 

The process of gathering data and information for strategic analysis and business decision-making is referred to as research technique(Moro 

et al., 2015; Khan et al., 2024).Interviews, surveys, publishing research, and other research methods are also included in the process.It 

might contain information from the past as well as the present.A component of methodical analysis and approaches used in a field of study 

is research methodology.Conceptual Framework shown in Fig. 2.The dataset used in this study comprises anonymized records from finan-

cial institutions involving employee activity logs, transaction records, and known fraud cases from 2021 to 2023. Key AI techniques applied 

include Random Forests, Support Vector Machines (SVM), and Neural Networks, selected for their strong performance in classification 

tasks. The data was split into 70% training and 30% testing sets, with precision, recall, and F1-score used as evaluation metrics. These 

models were used to detect patterns indicative of fraudulent behavior, and the statistical results (e.g., p = 0.981) are contextualized to show 

model limitations and real-world applicability. 

 

 

Fig.2: Conceptual Framework 

 

This work's primary goal is to elaborate on the data analysis findings and the statistical techniques the researcher employed to examine the 

information gathered.The data pertaining to the respondents' demographic profile and descriptive analysis are presented in the section that 
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follows.Information has been gathered about the respondent's experience in the current bank, monthly salary, and the bank where they 

currently work. 

IT companies have grown exponentially as a result of technological advancements and rapidly evolving IT systems, which force businesses 

to divert valuable time and resources from their core operations to IT procurement, maintenance, and updating. This trend is further exac-

erbated by the emergence of e-commerce and online trading, which increase profitability while requiring fewer investments.This approach 

has become more feasible because to the widespread and simple usage of the internet, connectivity, and the emergence of new technologies 

like XML Web 2.0, among others.By enabling quick, simple, and anywhere access to data, information, and processes, IT has completely 

transformed the corporate landscape and given enterprises a competitive advantage over rivals. 

3. Methods 

Employee fraud is a serious issue that affects businesses of all shapes, sizes, locations, and sectors.Even though we would all want to think 

that our employees are devoted to the company and working for its good (which is definitely the case for the most of them), there are still 

a lot of reasons and ways that they could conduct fraud.Business fraud is one of the major issues that businesses and retailers of all sizes 

must deal with.Although fraud can take many different forms, it can be broadly divided into three categories: corruption, financial statement 

fraud, and asset misappropriation.The majority of these types of fraud are internal. Group Statistics shown in Table 1. 

 
Table 1: Statistics Group 

 Gender N Mean Std. Deviation Std. Error Mean 

the effectiveness of promotional and psychological pricing Male 29 8.81 5.142 .955 

Female 21 8.78 5.028 1.097 

 

Fraud can occasionally occur as a result of the identification of the concerned party who made the effort.He is looking for any chance to 

alter the records in order to benefit himself.Occasionally, some people not only abuse their position but also exert control over others.How-

ever, they frequently abuse their powerful position.Prediction Results shown in Fig. 3. 

 

 
Fig. 3: Prediction Results 

 

They take advantage of any opportunity to make money for themselves.An individual with training as a chartered accountant and expertise 

in auditing and investigation is known as a forensic accountant.Therefore, forensic accountants are essential in preventing financial 

crimes.Additionally, all attempts at fundamental financial crimes by the company's white-collar employees.Independent Samples Test 

shown in Table 2. 
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Table 2: Independent Samples Test 

 Levene's Test 

for Equality of 

Variances 

t-test for Equality of Means 

F Sig. t df Sig. (2-

tailed) 

Mean 

Differ-

ence 

Std. Er-

ror Dif-

ference 

95% Confidence 

Interval of the Dif-

ference 

Lower Upper 

What is the potential impact of AI on 
auditing, specifically in terms of en-

hancing fraud detection and risk as-
sessment capabilities, and what are the 

associated benefits and challenges? 

Equal var-
iances as-

sumed 

.010 .923 .024 48 .981 .035 1.460 -2.900 2.970 

Equal var-

iances as-

sumed not 

  .024 43.813 .981 .035 1.455 -2.897 2.967 

 

The p-value of 0.981 suggests that there is no statistically significant difference between gender-based perceptions of AI-based fraud 

detection efficiency in this dataset. This highlights the uniformity of perceived benefits across user demographics, though additional factors 

such as role or expertise may further refine interpretation. The high standard deviation suggests variability in understanding or confidence, 

which future studies may explore via qualitative interviews. 

AI is becoming a crucial component of business, having a big influence on a lot of different sectors and occupations.Tasks and procedures 

have become more efficient as a result.Even though AI adoption has varied by industry, the technology has shown that it can revolutionize 

business practices. Businesses utilize AI to automate processes that were previously handled by people, such loan applications and fraud 

detection, difficult jobs.Additionally, chatbots are taking the place of customer support agents to answer common questions.It was inevi-

table that AI would eventually find its way into the auditing industry given its broad usage (Ngai et al., 2011). 

Ethical and Regulatory Considerations 

While AI enhances fraud detection efficiency, it also raises critical ethical concerns. These include algorithmic bias, data privacy, account-

ability for false positives, and potential over-reliance on black-box models. Regulatory frameworks, such as GDPR and AI audit standards, 

need to evolve alongside these technologies. Transparency, explainability, and human oversight are vital to ensure trust and legal compli-

ance in AI-aided auditing practices. 

4. Conclusion 

These days, artificial intelligence techniques are really helpful.Effective strategies for detecting fraud can be employed by forensic ac-

countants.Because it is a practical method that takes very little time to examine fraudulent behavior in this modern scenario.In a different 

sense, artificial intelligence has become a refined paradigm for hosting and providing services online.Job owners benefit greatly from AI 

since it removes the need for users to order provisioning on-demand and enables businesses to scale their resources in response to business 

requirements in the event that demand for an activity application decline.A forensic accountant can analyze, gather, analyze, and present 

financial accounts and various findings using facts and figures in a logical way when it comes to company issues.Giving the report to 

anyone with a direct or indirect connection to the business organization in an intelligible and well-supported way is the aim of a forensic 

accountant.Businesses utilize AI to automate processes that were previously handled by people, such loan applications and fraud detection, 

freeing up human resources for more difficult jobs.Additionally, chatbots are taking the place of customer support agents to answer com-

monly requested questions.Artificial intelligence was certain to someday enter the auditing industry given its extensive use. 
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